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Section 1.1 Systems of Linear Equations

Topics
We will cover these topics in this section.

l_l

. Systems of Linear Equations
. Matrix Notation

. Elementary Row Operations

S~ W0 DN

. Questions of Existence and Uniqueness of Solutions

Objectives
For the topics covered in this section, students are expected to be able to
do the following.

1. Characterize a linear system in terms of the number of solutions,
and whether the system is consistent or inconsistent.

2. Apply elementary row operations to solve linear systems of equations.

3. Express a set of linear equations as an augmented matrix.
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A Single Linear Equation = ?@kf with  digree i

A linear equation has the form Noan:mr.
a1r1 + agx2 + -+ apTy =0 X o = S
ai,...,a, and b are the coefficients; z;,...,z, are the variables or

unknowns, and n is the dimension, or number of variables.

C)g-e:eq‘b—{(_{@vc‘rg = ;L .’4" [‘t\
o4 Lo = o =dim

o 2x1 +4x9 =4 is a line in two dimensions

For example,

e 3x1 + 229 Hx3 = 6 is a plane in three dimensions

/I\
coetR- 3 o, 4, ¢

& eJCU(M,\:g
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Systems of Linear Equations = Lintar 9\/5%.

When we have more than one linear equation, we have a linear system
of equations. For example, a linear system with two equations is

4 #ﬁt\fa}r =3
5

r1 + 1.bxes + mxs
{ 5%1 4+ 0. ?Q + 7:63

Definition: Solution to a Linear System

The set of all possible values of x1, x9, ...z, that satisfy all equations
is the solution to the system.

A system can have a unique solution, no solution, or an infinite number
of solutions. C

2 0t 2 } reall ‘H:(l
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Two Variables

Consider the following systems. How are they different from each other?

Tr1 — 2x9 = —1 1 — 2x9 = —1 Tr1 — 29 = —1
—x1 + 30 =3 -1+ 220 = 3 —x1 + 229 =1
T 2) // //

non-parallel lines parallel lines identical lines

i SQ( w{‘im No S |u’£7\w\, ) l/v\ap,?

Sl e~
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Three-Dimensional Case

An equation ‘a1 z; + as®s + azzs = b defines a plane in R3. The solution
to a system of three equations is the set of intersections of the planes.

solution set sketch number of solutions

line ﬁ GO
>
A
AN

I
point
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Row Reduction by Elementary Row Operations

How can we find the solution set to a set of linear equations?
We can manipulate equations in a linear system using row operations.

1. (Replacement/Addition) Add a multiple of one row to another.
2. (Interchange) Interchange two rows.
3. (Scaling) Multiply a row by a non-zero scalar.

Let's use these operations to solve a system of equations.

Roduce 4 of  uablec
Commawiny TR Sawt Coludmn s~
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Example 1

Identify the solution to the linear system.

fﬂh —2x9 +x3 =0 — Ry

219 —8r3 =38 L£— R
T —ox3 =10 & Ry
'—/‘ S‘X( “(D(Xz +§(X3 = 9
> K 2 tXy To
Ry = R3y—>Ry { 2Ka XN =&
(QQF\MWM\‘) O +lo X ~loxy =lo
27 3R Xy o~ Aoy =4
QB’ — %Rg KXo — ‘?<3 = |
— 7 K,  —2X, tX =o
R_g — R3’*R3_ 4
K, —4Ks =
Section 1.1 Slide 8 = 3 4
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Augmented Matrices

It is redundant to write x1, x2, x3 again and again, so we rewrite systems
using matrices. For example,

{-x1 —2x9  +x3 =0
0-% + 2r9 —8r3 =238
5.’L‘1 £ 0-% —5:63 =10

can be written as the augmented matrix,

1 =2 1 |0
0O 2 81|38
5 0 -=51]10

The vertical line reminds us that the first three columns are the
coefficients to our variables x1, x9, and z3.
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Consistent Systems and Row Equivalence

Definition (Consistent)
A linear system is consistent if it has at least one S&lmﬂ«»

inCons i Lot ’(5— Hurme 78 e Sl

Definition (Row Equivalence)
Two matrices are row equivalent if a sequence of Rotg

Oi?@rdv{;,p\g transforms one matrix into the other.

Note: if the augmented matrices of two linear systems are row
equivalent, then they have the same solution set.

L N\ a SK/ S 4
| |
M x Rou Opecntns ST

— 5
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Fundamental Questions

Two questions that we will revisit many times throughout our course.

1. Does a given linear system have a solution? In other words, is it
consistent?

2. If it is consistent, is the solution unique?
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Section 1.2 : Row Reductions and Echelon Forms

Topics
We will cover these topics in this section.

1. Row reduction algorithm
2. Pivots, and basic and free variables

3. Echelon forms, existence and uniqueness

Objectives
For the topics covered in this section, students are expected to be able to
do the following.

1. Characterize a linear system in terms of the number of leading
entries, free variables, pivots, pivot columns, pivot positions.

2. Apply the row reduction algorithm to reduce a linear system to
echelon form, or reduced echelon form.

3. Apply the row reduction algorithm to compute the coefficients of a
polynomial.

Section 1.2 Slide 13



S S
L Kq— 3(;(23__
Definition: Echelon Form and RREF r= | — Vs %
[ oS o 4 o

A rectangular matrix is in echelon form if

—_—

1. All zero rows (if any are present) are at the bottom. > I Re [Mm

2. The first non-zero entry (or leading entry) of a row is to the right
of any leading entries in the row above it (if any).

3. All elements below a leading entry (if any) are zero.
A matrix in echelon form is in reduced row echelon form (RREF) if
1. All leading entries, if any, are equal to 1.

2. Leading entries are the only nonzero entry in their respective column.

O { - X ® ( v = A
R@F‘w(}f@r\’{/\/\i“
= Ra’a‘éz—yki\—
O
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Example of a Matrix in Echelon Form

B = non-zero number, x = any number

s en il e B e i an)
cooo B

S OO O ¥

*
|
0
0
0

SO O ¥ ¥
OO O X ¥
S O O ¥ ¥

*
ES
|
0
0

O ¥ % % %

OB ¥ *¥ *

Section 1.2 Slide 15



Example 1

Which of the following are in RREF?

'1 O_ [ O
@) 0 2
0 oo Ve o]
o l
1 O
C) 0 — LO}
_0_ e
| 40
Q
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Definition: Pivot Position, Pivot Column

A pivot position in a matrix A is a location in A that corresponds to a
leading 1 in the reduced echelon form of A.

A pivot column is a column of A that contains a pivot position.

Example 2: Express the matrix in reduced row echelon form and identify

the pivot columns.
0 -3 —6 4
-1 -2 -1 3

-2 -3 0 3
. e e - | 2 L -3
R & [2/?. 6 =3 -6 4ipsi| 0 T3 -t 4
_ _ 3 3 -3
. >° Ry R+ 2Ry 0 |
> ( 2 1 =3
Section 1.2{22“3:: RS O Y S 3
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Row Reduction Algorithm

The algorithm we used in the previous example produces a matrix in
RREF. Its steps can be stated as follows.

Step 1la Swap the 1st row with a lower one so the leftmost nonzero entry is
in the 1st row

Step 1b Scale the 1st row so that its leading entry is equal to 1
Step 1c Use row replacement so all entries below this 1 are 0

Step 2a Swap the 2nd row with a lower one so that the leftmost nonzero
entry below 1st row is in the 2nd row

etc. ...
Now the matrix is in echelon form, with leading entries equal to 1.

Last step Use row replacement so all entries above each leading entry are 0,
starting from the right.
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Basic And Free Variables

$ dowwn
Consider the augmented matrix J Rac\wc&@‘&p
1307 04 Xy = 5 - 4%y
0000 16 Xe= b

I‘g: CL\BG‘S% Xz ‘%q.
The leading one's are in first, third, and fifth columns. So:
Hon X x3, xg

e the pivot variables of the system AZ = b are 21, x5, and 5. delermingl

e The free variables are x5 and z4. Any choice of the free variables
leads to a solution of the system.

Note that A does not have basic variables or free variables. Systems have
variables.

Columne  wih L@mﬁtf\@ Crlies = PF\/Q{— @SIVPYAS

¢ X %, Xg  Bosic \bur-,
Co(wzw\g Witheud LQQA(\E@ Cwhies = Nan —p Pt
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Existence and Uniqueness

~— Theorem \

A linear system is consistent if and only if (exactly when) the last
column of the augmented matrix does not have a pivot. This is
the same as saying that the RREF of the augmented matrix does
not have a row of the form

(000 -~ 0 | 1)

Moreover, if a linear system is consistent, then it has
1. a unique solution if and only if there are no free variables.

2. infinitely many solutions that are parameterized by free
variables.

©  Comsplnt Vs Tnconchlewt

OJ.,L, LJLQN\ ]
0----- 0l L
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1.3: Vector Equations

Topics
We will cover these topics in this section.

1. Vectors in R™, and their basic properties

2. Linear combinations of vectors

Objectives
For the topics covered in this section, students are expected to be able to
do the following.

1. Apply geometric and algebraic properties of vectors in R™ to
compute vector additions and scalar multiplications.

2. Characterize a set of vectors in terms of linear combinations, their
span, and how they are related to each other geometrically.
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Motivation

We want to think about the algebra in linear algebra (systems of
equations and their solution sets) in terms of geometry (points, lines,

planes, etc).
xr—3y=-3 B/

20 +y = 8

e This will give us better insight into the properties of systems of
equations and their solution sets.

e To do this, we need to introduce n-dimensional space R™, and
vectors inside it.
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R"
R

Recall that R denotes the collection of all real numbers.

Let n be a positive whole number. We define
R™ = all ordered n-tuples of real numbers (z1, 2, Z3, ..., ).

When n = 1, we get R back: R = R. Geometrically, this is the number
line.
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RQ
D,
R = ’E C%,}> o xek, 39(&3
Note that:
o when n = 2, we can think of R? as a plane

e every point in this plane can be represented by an ordered pair of
real numbers, its x- and y-coordinates

Example: Sketch the point (3,2) and the vector (g)

T em o (2)

gAY 4 7

oint = \/ec&vr
v/ -—> ? 0

f 17
Ay oW

[\
[@V\?f\ _3 Jirectin
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Vectors

In the previous slides, we were thinking of elements of R" as points: in

the line, plane, space, etc.

We can also think of them as vectors: arrows with a given length and

direction.

For example, the vector

3
o4 - - o =(

N

4

()\71__—*‘4\

points horizontally in the amount of its

x-coordinate, and vertically in the amount of its y-coordinate.
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Vector Algebra

When we think of an element of R™ as a vector, we write it as a matrix
with n rows and one column:

Suppose

Vectors have the following properties.

1. Scalar Multiple: U C U
cu= C- ( = >

(/t), CK/LL
2. Vector Addition:
0+ 7= <U[>+ (M) _ (Wi >
U/ Mz (KLZH)E_

Note that vectors in higher dimensions have the same properties.
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Parallelogram Rule for Vector Addition
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Linear Combinations and Span

~— Definition \
1. Given vectors vy, U2, ..., U, € R"™, and scalars
c1,C2,...,Cp, the vector below

Y = C1U1 + CcU2 + -+ - + CpUp

is called a linear combination of v, 75, ..., 7, with
weights ci, ¢, ..., cp.
2. The set of all linear combinations of ¥, ¥y, ..., U, is
called the Span of v}, v, ..., 7.
o [
Exaumpit T J / = |
: :

Cn(@R)=f Re ® | 2B 3¥ | ST T,

T
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Geometric Interpretation of Linear Combinations

Note that any two vectors in R? that are not scalar multiples of each
other, span R2. In other words, any vector in R? can be represented as a
linear combination of two vectors that are not multiples of each other.

RQ@UM U_i,\y\z_‘““/\)\(o & R
Ci ( Cl_ ) - " CP é‘ R
Section 1.3 Slide 30 — — -

R m Y%
{ QO G G ek

= gPaM ( {{ﬁ /\“/@(‘5



Example

Is 4/ in the span of vectors v and
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Example

Is 4/ in the span of vectors ¥; and ¥5?

1 2 7
’171: —2 ,172: 5 ,andg’: 4 .
-3 6 15

g Qng(4U\ ,\)\:_ ?a
g

—
— C‘\F( SN for Semne C G <R

. { 5 c 26 C+2G
[\ £ = Ci -2 + G { 3_] = {~2,C( £ [\gcij = {‘ZQ TG jg
(¢ - 6 -3¢ L6C 3¢ +6G

% Co T26 = R P Cmr\ﬁ;){e,vn[' 1 o~ [Not

DG 5 G T 4 v %
3 ¢ +L G =1y Y& Spam 9 & Sponn
| 2 77
Tig—l
—2 S NG /\
P(VQ{— N ot

— L
MCOY\SBLﬂv\ Caniolod



2. _/' T r ‘ b 7
—
> 4 Ry = RyR2R, S i K }
S (S o Seqpl o & 34
oo T
_ © 9 | ¥
Rg — R; - ﬁQL o O [ D\
¢\>
Pi\/ox“
g — lmoomg\(ﬁ‘
e Sy
b pan.
!
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The Span of Two Vectors in R?

In the previous example, did we find that 4 is in the span of v; and v57

In general: Any two non-parallel vectors in R? span a plane that passes
through the origin. Any vector in that plane is also in the span of the two

vectors.
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Section 1.4

Section 1.4 : The Matrix Equation

Chapter 1 : Linear Equations

Math 1554 Linear Algebra

“Mathematics is the art of giving the same name to different things.”
- H. Poincaré

In this section we introduce another way of expressing a linear system that
we will use throughout this course.
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1.4 : Matrix Equation Ax = b

Topics
We will cover these topics in this section.

1. Matrix notation for systems of equations.
2. The matrix product AZ.

Objectives
For the topics covered in this section, students are expected to be able to

do the following.
1. Compute matrix-vector products.
2. Express linear systems as vector equations and matrix equations.

3. Characterize linear systems and sets of vectors using the concepts of
span, linear combinations, and pivots.
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o cof  C Saf

Notation a\mmh@ S oser

symbol meaning

S belongs to

R"™ the set of vectors with n real-valued elements

R™*" the set of real-valued matrices with m rows and n columns

Example: the notation & € R® means that & is a vector with five
real-valued elements. «
{

R" = A B T efR%
Xn

IQZLXB _ [O& 5 C} ; 0\'{&(({ éﬁ»(j C-‘Rz
2 ﬁg
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CO(LA/MV\S
[ L & (‘Xl 1
— — —
[—Q)‘ E;_ . E‘J - ?fl = 9(1‘ Q1 + Xg_‘ 0.2‘ 4—\»45)(“(1,«
| “ l ‘ c R"
Rmx n \N\%;":.» [ [Rn
Linear Combinations
Definition
A is a m X n matrix with columns a1, ...,a, and x € R"”, then the

matrix vector product AZ is a linear combination of the columns of A:

1

I R B I P
Af: 61 as n . :331614—%26—1:2—1—"'4—%716”
| .

Ln

Note that AZ is in the span of the columns of A.

Example
The following product can be written as a linear combination of vectors:
" o -1 |4 "1+ 3 [© B
S 13 (5] +7 [
0 -3 3 o —3 3
{RD_X3 7 n
S 3
R R
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Solution Sets A = L \ B

-
& & - --. Ga
| | \
m
Theorem cR
If A is a m x n matrix with columns a,...,d,, and xr € R™ and

bc R™, then the solutions to
AZ=b
has the same set of solutions as the vector equation
181+ + Tndn = b = L}mm(- g\/gm

which as the same set of solutions as the set of linear equatigns with the
augmented matrix
]

— —

EI:]_ a2 o o e an
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Existence of Solutions ( Con<tslowt /IﬂcomgTsLm1L>

Theorem
The equation Ax = b has a solution if and only if b is a linear
combination of the columns of A.

A? — Eb K/XOK/S O~ §<>(\«7ﬁ\dl/\
(=  Hee st X Ky e k. €R
S ok )
K- 0q + K On = * Moo A = b
(= —‘Lj TS oA gTMO\V‘ UOVV\'\?‘\'- “ CQ
— —
o VI . O
— —
& Tf & g‘Pm<b{q‘ /&\>q“\>
& — ‘_‘7
> [ ?{ -0 7 Qm ] % ]
/l\



Example

For what vectors b = (bg does the equation have a solution?

[; 3 4 L)D_J > | 0o -4 [k
3 4 | o
-
Ry @ Rg—gR| ® 2 4 | bi-2b
Lo 0o O &)
) = by — & (ba=2bD> =0

S Nen—Puedk = Gnsisdent
X %o > P D Ns Siutim



The Row Vector Rule for Computing Ax

I
[1 0 2 0 3] o _["Xi+0-xz+2'§§+0~X$J+3‘XS-
0O 1 0 2 O I3 O'X[+l“>(1+0‘>€)+2~>(4_ 0- Xt
_aj4=
lw
5
Xy
[ o 20 3] X - dot Pe—f»olM-P-
X¢
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Summary

We now have four equivalent ways of expressing linear systems.
1. A system of equations:

2331 + 3562 =7
r1 — Lo = 5
2. An augmented matrix:
2 3|7
1 =115

3. A vector equation:

4. As a matrix equation:

(F2)E)-6)

Each representation gives us a different way to think about linear systems.
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1.5 : Solution Sets of Linear Systems

Topics
We will cover these topics in this section.
1. Homogeneous systems

2. Parametric vector forms of solutions to linear systems

Objectives
For the topics covered in this section, students are expected to be able to

do the following.
1. Express the solution set of a linear system in parametric vector form.
2. Provide a geometric interpretation to the solution set of a linear
system.

3. Characterize homogeneous linear systems using the concepts of free
variables, span, pivots, linear combinations, and echelon forms.
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m XN
Aec R
- - — n
|_Trear  Systom AR =k x & R
— m
b € R
H S ;
omogeneous stems —5 m (
g y 0 c (Q , ﬁ - X
L 2= o
Definition Af - i
Linear systems of the form ( T =29) are homogeneous.
Linear systems of the form D =% 9 are inhomogeneous. AD —
X =9

—
@

Because homogeneous systems always have the trivial solution, ¥ = 0,
the interesting question is whether they have 4. | [ 00 ey Aﬁ 2
: n 7 - O = 0Q
solutions. ol l
v ot leagt L
— Observation Y e \Umﬂ\

A% = 0 has a nontrivial solution
<> there is a free variable
<= A has a column with no pivot.

[ A (3] Av =¥
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Example: a Homogeneous System

Identify the free variables, and the solution set, of the system.

$1+3$2+$3:0

2$1—£E2—5$3=0

g__ MomogﬂY\LDWs g\/ 94'6\/\'\ N

331—2563:()

( 3 ( f 3 I
A = ( 2 =i =¥ — o ~7 —7
| o —= R PRER L,y 3
Ry = R—R
3
—7

l 0 -2 7
Section 1.5 Slide 45 —
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Parametric Forms, Homogeneous Case

In the example on the previous slide we expressed the solution to a system
using a vector equation. This is a parametric form of the solution.

In general, suppose the free variables for A¥ = 0 are zx,...,z,. Then all
solutions to AZ = 0 can be written as

T = Uk + Tpy10k+1 + - + TpUp

for some vy, ...,U,. This is the parametric form of the solution.
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Example 2 (non-homogeneous system)
Write the parametric vector form of the solution, and give a geometric

interpretation of the solution.

r1+3x9+x3 =9
2561—%2—5263:11

331—2563:6

(Note that the left-hand side is the same as Example 1).

[ 3 ( C{I r 3 ] T
=2 =5 > | o =7 =7 |=7
A ( Qz_ — /?Q“ZR\

[ o 216 o =3 3 |3
Rg‘ﬁ Rg—R|
-
L = A Z O ( |
Secti 1.5 Slide 47 RB - _‘_,R‘; Q | ( ,
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Tie [ Talse

If the system AZY = b is consistent then the matrix A has a pivot in
every row in its echelon form.

Consitlpnd = A )
K‘\N‘”j_ \Pg\vo’\‘

[
LJ ‘:A\S-Q

B ] o
[@.
QO

S D

Pa%'\uﬂ/ Timpessible

The matrix A has more @tha@nd the system
AZ = b has free variables.  ~__~

T [ Tkt lmwmys
\ Q C,Q\ P g
3 o O
o0 o o 3

Consider the matrix equation

I 0 3 :c1 3
0 h —J 1 é’
0
For which values of /I does the equation have no solution? O

k:4-.\ [( o 3 3 —)
o 3 1|0
QO 9 I —3

o [[ o 3 3 (Og}SJ Cansisher ™

) O ( ( — o [ ]
o) O =2 —3 O 86 0°'Q

h*i_ h&4 ConsTshnd
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1.7 : Linear Independence

Topics
We will cover these topics in this section.
e Linear independence

o Geometric interpretation of linearly independent vectors

Objectives
For the topics covered in this section, students are expected to be able to
do the following.

1. Characterize a set of vectors and linear systems using the concept of
linear independence.

2. Construct dependence relations between linearly dependent vectors.

Motivating Question
What is the smallest number of vectors needed in a parametric solution
to a linear system?
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Linear Independence

A set of vectors {#1,..., Uk} in R™ are linearly independent if
I& 01?71+C2?72+"'+Ck17k:6 ‘LL\U/\ CJ(=C>.=“‘:CL:D

has only thew. It is linearly dependent otherwise.
C=0

In other words, {¥1,..., Uy} are linearly dependent if there are real

numbers cq,ca, ..., c, not all zero so that

c1U1 + coUs + -+ - + U, =0
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Consider the vectors:
V1,V92,...0%

To determine whether the vectors are linearly independent, we can set
the linear combination to the zero vector:

C1
, q , L Lq | €2 L77
clv1+02v2+---+ckvk:[1 Uy -+ Up | =Ve=0
[l—V\ < C-.pw-L)\( L J Cn
Ve
A - X
Linear independence: There is NO non-zero solution ¢
Linear dependence: There is a non-zero solution C.
Hgmo V\’S

1B - W ek, edgpordets y

o @_-_ﬂ- C\ :
3

Section 1.7 Slide 51 \—/H/ \,\0\5 -\Jlft UV\\k/
A x JrVTu(\UJ\ Gol it

& A ha No Hoe L )



Example 1
For what values of h are the vectors linearly independent?

1] H 'flz] ANS T hi | 2
1

1

0

( t S
CS( K #Cz[\‘t\g + Cg[‘ = [D] % G =G G =0
x | N

Ry » R,—hR

+ 4

7l e 4 ~1g
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’ (@ { —1} i —2

o o 2h

NEw A= BT = (A+RY (A-B)

14> = 17 =177 = (D) UR)






Example 2 (One Vector)

Suppose ¥ € R™. When is the set {¢} linearly dependent?

SN
— -
U.:? -< {_‘U:Q ARN QLK/P~
1 C; 9
Ve, .
— ( = ‘ =
—\?JF? C-U = C ‘lfko C’U”k 0
° C VY,
(>
:? C“U‘f:o
:7 C:Q
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2
®\ . U cw\b(( ﬁ’\“‘ - &@P
Example 3 (Two Vectors)

Suppose U7, U2 € R™. When is the set {v7, 72} linearly dependent?
Provide a geometric interpretation.

_%
C( ﬁ + VU, = o gC»/ Some, no{—aM Ze¥
C\ C~
SRR A
o oo
(= C(Vi = > Y
C T o 3 . 5
v =)
< o S U RN
(2% o ¢ Vo = O E;> \
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Qe@“ % ﬁ ITF? T, E\l Tn Rm ‘Tr\ea\r\\/ Tmiepw&m‘i* TO(—

Tm'fl?es Gi= -~ = ¢ =9°

HH ( Horraganesus Sighen)

Rf\ﬁ\§ ~o nowdrui ol Selution

Two Theorems

Fact 1. Suppose 01, ..., U, are vectors in R™. If £ > n, then
{v7,...,0x} is linearly dependent.
( [ { nxt.
/\:[U( Vo *—-VKj SN
' ( l

WMax 4 s& \&mﬂ, entges = N { # D{“ 00|_
= ‘H“U"L SV\»\A[J \liﬂ oot leo + C'EQ“ n) fre Uar,

Fact 2. If any one or more of ¥, ..., T is 0, then {v7,...,U,} is linearly
dependent. o ) 5
(SN () « —
CoW FGWR €=+ Gy =o
\/-W
>
Ch=06 = -~ = G== badt G =4
(Ln QZP
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Show your work in the space below and put your answer in the boxes.
Find a choice of weights c;, ¢o, and c; in the linear dependence relation ¢, v + covs + 303 = 0
that shows the set of vectors {, U5, U3} given below is linearly dependent.

For full credit, show how the values are obtained by row reducing the appropriate
coefficient matrix.

C1 = Co = C3 =




Section 1.8 : An Introduction to Linear
Transforms

Chapter 1 : Linear Equations

Math 1554 Linear Algebra

| irear S%;M
F—‘.) >~
T +Cuﬁ: b vechr  equetiimg
\de-TN\ S
—5)
. AX =L
1% E(b&/\o\. Ton M VO‘/VI\OJ\D\*E/S
Mmxan N N W
A < r X &€ R ( s9 S R
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1.8 : An Introduction to Linear Transforms

Topics
We will cover these topics in this section.

1. The definition of a linear transformation.

2. The interpretation of matrix multiplication as a linear
transformation.

Objectives
For the topics covered in this section, students are expected to be able to
do the following.

1. Construct and interpret linear transformations in R™ (for example,
interpret a linear transform as a projection, or as a shear).

2. Characterize linear transforms using the concepts of

» existence and uniqueness
» domain, co-domain and range
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From Matrices to Functions

n

—
. . . <R
Let A be an m X n matrix. We define a function v

T:R" 5 R™, T(@) =47 cR"”

This is called a matrix transformation.
o The domain of Tis R".  (ollectim ob  Tnpts
e The co-domain or target of 1" is R™.
o The vector T'(¥) is the image of & under T’
o The set of all possible images T'(Z) is the range.
This gives us another interpretation of Ax = b:
e set of equations
e augmented matrix
e matrix equation

e vector equation J@N‘“aﬂ\/

e linear transformation equation L
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Functions from Calculus

Many of the functions we know have domain and codomain R.We can
express the rule that defines the function sin this way:

f:R—=R f(x) = sin(x)

In calculus we often think of a function in terms of its graph, whose
horizontal axis is the domain, and the vertical axis is the codomain.

/\ /%06
S A

This is ok when the domain and codomain are R. It's hard to do when
the domain is R? and the codomain is R3. We would need five
dimensions to draw that graph.
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Example 1 e
P R - Ty AR
11 7
let A= |0 1 ﬁ:m,z?: 51 —, R
SR A 7
j

—

b) Calculate 7 € R? so that T'(¥) = b

—

AV = b 7 [j
)jg o |
c) Give a ¢ € R so there is no ¢ with T'(7) :@ 8] f [ _J

or: Give a ¢ that is not in the range of T

or: Give a € that is not in the span of the columns of A.

LT T
Section 1.8 Slide 60 {O ‘ 5 } ﬂ [ O / 5—
. ¢ R >RRL o g @

U+ = 7 ? . 1
=E g
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Linear Transformations

A function T : R® — R™ is linear if
o T(U+ V) =T(u)+ T(vV) for all @, 7 in R™.
o T(c¥) = I (V) for all ¥ € R™, and ¢ in R.
So if T is linear, then

T(c1vh + -+ + cxVk) = a1 T(01) + -+ + T (Ug)

This is called the principle of superposition. The idea is that if we
know T'(€Y),...,T(€,), then we know every T'(v).

Fact: Every matrix transformation T4 is linear.
—_—_ D -3
[/AY(X )y = AX
. — —3 ) —
A (T+ W) = A (VW) = AV + AW

= TR TS
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Example 2

Suppose T is the linear transformation T'(¥) = AZ. Give a short

geometric interpretation of what T'(Z) does to vectors in R
2

bl [4 ”i/
2 a-fp 8 [5]=[2] 3]

PwJeojmvx oo X — o XIS >" -

k0
3) A_lo k] for k € R

S&WB} [3. oj[x}:[l’(]

2




Example 3

What does T4 do to vectors in R3?

1 0 0
a) A=10 1 0
00 0

Section 1.8 Slide 63



A linear transformation T' @@tisfies

What is the matrix that represents 1" - (>2 N = A X

3X

A C R

Gl - |2




Section 1.9 : Linear Transforms

Chapter 1 : Linear Equations

Math 1554 Linear Algebra

cos O sin90 | | o,

= 99
-s5in 90" 05 0°f { @, i
https: //xkcd.com /184
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1.9 : Matrix of a Linear Transformation

Topics
We will cover these topics in this section.

1. The standard vectors and the standard matrix.
2. Two and three dimensional transformations in more detail.

3. Onto and one-to-one transformations.

Objectives
For the topics covered in this section, students are expected to be able to

do the following.

1. ldentify and construct linear transformations of a matrix.

2. Characterize linear transformations as onto and/or one-to-one.
3. Solve linear systems represented as linear transforms.
4

. Express linear transforms in other forms, such as as matrix equations
or as vector equations.
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Definition: The Standard Vectors

The standard vectors in R" are the vectors €7, €5, ..., €,, where:
— — — @
a= 1] & =[O €y = -
© 1 ‘
¢ @) ‘
: ; o
J ~ 1 J
O )

For example, in R3

| i} O ) O
€2 €3 =
© o (
. — — —
S ej‘ €s , €| Ej ™. (N“&“F ¢
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A Property of the Standard Vectors

Note: if A is an m x n matrix with columns v7, v, ..., vU,, then
Ae; =v;, fori=1,2,...,n

So multiplying a matrix by €; gives column i of A.

Example
1 2 3 D -;—
45 6|é&= 1=
7 8 9 a) g
— = Z\Ml C/J&M/\,V\
K oN . — ™ Ay
[U\ Vo 5} { b \S O\-T?( ﬂ-L UDL 4—CU?3
(0 C
T_y\ M
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Recoll 7. R" 5 R"
C &;W;ﬂ\ ( Co—domem | Jw?@r>
RS | neow trenns ot T g
<o> T(U+V) = TR +TE@)
() TV = )
The Standard Matrix

~— Theorem \

Let T : R™ — IR™ be a linear transformation. Then there
IS a unique matrix A such that

\ S

The matrix A is the standard matrix for a linear transformation.
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Rotations

Example 1
What is the linear transform 7" : R? — R? defined by

8

T(Z) = & rotated counterclockwise by angle 67
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Rotations

Example 1
What is the linear transform 7" : R? — R? defined by

T (%) = & rotated counterclockwise by angle 67

%

T = A%

Fad A A S szl A:ﬁ‘)ﬂé

(e,
_ [ (=& -0
STh@ %@}
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Son gy G GT) - 3

\\é =

Standard Matrices in R?

o There is a long list of geometric transformations of R? in our
textbook, as well as on the next few slides (reflections, rotations,
contractions and expansions, shears, projections, ... )

o Please familiarize yourself with them: you are expected to memorize
them (or be able to derive them)
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Two Dimensional Examples: Reflections

standard matrix

transformation image of unit square
reflection through x;—axis T2 (1 0 [%\ 1
0 /-1 YAy
\N
Ly

>

/X —axis

1

|

|

TR

/ k
!

\ 4

(&)

reflection through xs—axis
\ 7

Z1

[
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Two Dimensional Examples: Reflections

transformation image of unit square standard matrix

reflection through xo = x;

(¥ o)

e
reflection through 2 = —x; T2 0 -1
T2 = —I1 -1 0
- A
€2
> x1
€1
[ (X)/':? ?(J
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Two Dimensional Examples: Contractions and Expansions

transformation image of unit square standard matrix
Horizontal Contraction 2 kE 0
k] <1
0 1
- AN
€2
> Z1
€1
Horizontal Expansion x kO
orizontal Expansi 2 k>
0 1
- AN
€2
>— T1
€1
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Two Dimensional Examples: Contractions and Expansions

transformation image of unit square standard matrix
Vertical Contraction T2 1 0
k< 1
0 k
- AN
€2
> Z1
€1
Vertical E i x 1 0
ertical Expansion 2 k1
0 k
- AN
€2
>— T1
€1
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Two Dimensional Examples: Shears

transformation image of unit square standard matrix
Horizontal Shear(left) Z2 1k k<0
0 1
1
k<0
Horizontal Shear(right) 2 1k k>0
0 1
1
k>0
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Two Dimensional Examples: Shears

transformation

image of unit square

standard matrix

Vertical Shear(down)

Vertical Shear(up)
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i) 1
k
5 A
€2
> = 1
€1
X2 1
k
5 A
€2
> 1
€1

0
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0
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Two Dimensional Examples: Projections

transformation image of unit square standard matrix
Projection onto the x;-axis T2 1 0
’
2 0 O
/ &1
! >— T1
N >—ﬁ €1
@
Projection onto the x2-axis T2 0 O
0 1
— A
€2
I




Onto

Definition

A linear transformation 7" : R"™ — R™ is onto if for all
b € R™ there is a £ € R" so that T'(¥) = b.

Onto is an existence property: for any b € R™, A7 = b has a solution.

Examples
e A rotation on the plane is an onto linear transformation.

e A projection in the plane is not onto.

Useful Fact
T is onto if and only if its standard matrix has a pivot in every row.

7 A;Z: —[;) (/w\g N SDL&WV\ DCW‘ (/\\N\\\f :DQ[RW‘
. Az =T C oSS dun fr ouny 5
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One-to-One

~— Definition \

A linear transformation 7" : R™ — R™ is one-to-one if
for all b € R™ there is at most one (possibly no) & € R" so
that T' (%) = b.

\ S

One-to-one is a uniqueness property, it does not assert existence for all b.

Examples
e A rotation on the plane is a one-to-one linear transformation.

e A projection in the plane is not one-to-one.

Useful Facts

o T is one-to-one if and only if the only solution to 7' (%)
zero vector, ¥ = 0.

0 is the

e T is one-to-one if and only if the standard matrix A of T" has no free
variables.
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Example

Complete the matrices below by entering numbers into the missing
entries so that the properties are satisfied. If it isn’t possible to do so,

state why.
a) Ais a 2 x 3 standard matrix for a Me linear transform.
1 0 3 -~
A= T R — R
) <>
b) B is a 3 x 2 standard matrix for ear transform.
= 3
1 "T N R — (R
B =

c) Cis a 3 x 3 standard matrix of a linear transform that is one-to-one

and onto.
1 1 1
=10 [ =
© O | -
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\

o Evory

For a linear transformation T° : R"™ — R™ with standard
matrix A these are equivalent statements.
1. T is onto.

~— Theorem

2. The matrix A has columns which span R™.

3. The matrix A has m pivotal columns.

~— Theorem \

For a linear transformation 7" : R™ — R™ with standard
matrix A these are equivalent statements.

2. The unique solution to 7' (&) = 0 is the trivial one.

3. The matrix A linearly independent columns.

4. Each column of A is pivotal.
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Additional Examples

1. Construct a matrix A € R?*2, such that T'(Z) = AZ, where T is a
linear transformation that rotates vectors in R? counterclockwise by
7 /2 radians about the origin, then reflects them through the line
Ir1 = To.

2. Define a linear transformation by

% =Y,
T(ml,xz) = (3%1 + 29,0511 + T2, 21 + 3262)

IS 7" one-to-one™ |SM
QD A=

1) _ﬁ{%
_
& [ a ~1

f d g
© Ai~é7 ﬁ\%—%

|3
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